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ulc .78 .92 .86 1 .6 .83
maxsim .76 .91 .98 .7 .66 .8
rte (absolute) .64 .91 .96 .6 .83 .79
meteor-rank .64 .93 .96 .7 .54 .75
rte (pairwise) .76 .59 .78 .8 .83 .75
terp -.72 -.89 -.94 -.7 -.37 -.72
meteor-0.6 .56 .93 .87 .7 .54 .72
meteor-0.7 .55 .93 .86 .7 .26 .66
bleu-ter/2 .38 .88 .78 .9 -.03 .58
nist .41 .87 .75 .9 -.14 .56
wpF .42 .87 .82 1 -.31 .56
ter -.43 -.83 -.84 -.6 -.01 -.54
nist (cased) .42 .83 .75 1 -.31 .54
bleu .41 .88 .79 .6 -.14 .51
bleusp .39 .88 .78 .6 -.09 .51
bleusp4114 .39 .89 .78 .6 -.26 .48
bleu (cased) .4 .86 .8 .6 -.31 .47
wpbleu .43 .86 .8 .7 -.49 .46
wcd6p4er -.41 -.89 -.76 -.6 .43 -.45

Table 7: The system-level correlation of the au-
tomatic evaluation metrics with the human judg-
ments for translation into English.

quality at the system-level using Spearman’s rank
correlation coefficient ρ. We converted the raw
scores assigned to each system into ranks. We
assigned a human ranking to the systems based
on the percent of time that their translations were
judged to be better than or equal to the translations
of any other system in the manual evaluation.

When there are no ties ρ can be calculated using
the simplified equation:

ρ = 1− 6
∑

d2
i

n(n2 − 1)

where di is the difference between the rank for
systemi and n is the number of systems. The pos-
sible values of ρ range between 1 (where all sys-
tems are ranked in the same order) and −1 (where
the systems are ranked in the reverse order). Thus
an automatic evaluation metric with a higher abso-
lute value for ρ is making predictions that are more
similar to the human judgments than an automatic
evaluation metric with a lower absolute ρ.

6 Evaluation task results

Table 7 shows the correlation of automatic met-
rics when they rank systems that are translating
into English. Note that TERp, TER and wcd6p4er
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terp .03 -.89 -.58 -.4 -.46
ter -.03 -.78 -.5 -.1 -.35
bleusp4114 -.3 .88 .51 .1 .3
bleusp -.3 .87 .51 .1 .29
bleu -.43 .87 .36 .3 .27
bleu (cased) -.45 .87 .35 .3 .27
bleu-ter/2 -.37 .87 .44 .1 .26
wcd6p4er .54 -.89 -.45 -.1 -.22
nist (cased) -.47 .84 .35 .1 .2
nist -.52 .87 .23 .1 .17
wpF -.06 .9 .58 n/a n/a
wpbleu .07 .92 .63 n/a n/a

Table 8: The system-level correlation of the au-
tomatic evaluation metrics with the human judg-
ments for translation out of English.

are error metrics, so a negative correlation is bet-
ter for them. The strength of correlation varied for
the different language pairs. The automatic met-
rics were able to rank the French-English systems
reasonably well with correlation coefficients in the
range of .8 and .9. In comparison, metrics per-
formed worse for Hungarian-English, where half
of the systems had negative correlation. The ULC
metric once again had strongest correlation with
human judgments of translation quality. This was
followed closely by MaxSim and RTE, with Me-
teor and TERp doing respectably well in 4th and
5th place. Notably, Bleu and its variants were the
worst performing metrics in this translation direc-
tion.

Table 8 shows correlation for metrics which op-
erated on languages other than English. Most of
the best performing metrics that operate on En-
glish do not work for foreign languages, because
they perform some linguistic analysis or rely on
a resource like WordNet. For translation into for-
eign languages TERp was the best system overall.
The wpBleu and wpF metrics also did extremely
well, performing the best in the language pairs that
they were applied to. wpBleu and wpF were not
applied to Czech because the authors of the met-
ric did not have a Czech tagger. English-German
proved to be the most problematic language pair
to automatically evaluate, with all of the metrics
having a negative correlation except wpBleu and
TER.

Table 9 gives detailed results for how well vari-


